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Education

7

Demand for AI education is growing across every 
level, but the systems needed to deliver it are 
still catching up. Computer science enrollment 
in post-secondary institutions is declining even 
as AI-related majors gain popularity. Students at 
both the university and K-12 levels are using AI 
tools in large numbers, yet access to AI-specific 
coursework and teacher training remain limited. 
Governments, including the United States’, are 
pushing to integrate AI literacy into their curricula 
to maintain their countries’ competitive edge. Yet, 
data on AI education is fragmented and lagging, 
and much of the analysis in this chapter relies 
on CS education data as a proxy. To survey the 
current landscape of AI and CS education, this 
chapter was prepared in collaboration with the 
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Kapor Foundation, the Computer Science Teachers 
Association (CSTA), Expanding Computing 
Education Pathways (ECEP) Alliance, and the 
AI Index. The Kapor Foundation works at the 
intersection of racial equity and technology; 
CSTA is a global membership organization that 
supports educators in expanding access to CS 
education, and ECEP is a collective impact alliance 
focused on broadening participation in computing 
education.

Overview

https://www.whitehouse.gov/edai/
https://kaporfoundation.org/
https://csteachers.org/
https://ecepalliance.org/
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1 CS enrollment fell 11% at U.S. four-year universities between 2024 and 2025, but AI-related 
graduate programs continued to grow. Master’s graduates in AI software-related fields rose 17% 
from 2023 to 2024, suggesting continued demand for AI specialization even as CS enrollment 
cools.

2 The U.S. remains a global leader in producing information, communications, and technology 
(ICT) graduates at all degree levels, but other countries are growing faster. Turkey, Brazil, and 
Mexico have increased their ICT graduate output more rapidly in recent years.

3 Four out of five U.S. high school and college students now use AI for schoolwork, but school 
policies have not kept pace. Only half of middle and high schools have AI policies, and just 6% 
of teachers say those policies are clear. Students most commonly use generative AI for research, 
essay editing, and brainstorming.
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Chapter Highlights

4 More than 90% of countries now offer computer science to primary or secondary students, but 
AI education has been slower to take hold. China and the United Arab Emirates both mandated 
AI education starting with the 2025-26 school year, signaling a shift toward formal AI instruction at 
the national level.

5 The number of new AI PhDs in the United States and Canada increased 22% from 2022 to 
2024, but the share going to industry has stayed flat.  All of the growth has gone to academia, 
reversing a decade-long trend of new AI PhDs flowing primarily into industry roles.

6 People are acquiring AI skills outside formal education, and advertising AI skills in their 
resumes.  AI literacy has grown faster than engineering-oriented AI skills in most countries. The 
United Arab Emirates, Chile, and South Africa are exceptions, where engineering skills show 
steeper growth since 2022.
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7.1 Background

AI’s role in education is expanding faster than the data needed to track it and much of the data in this chapter 
is limited in scope, lagging in time, or both. Postsecondary figures reflect completion rates from the 2023–24 
academic year and do not yet show enrollment shifts driven by the increasing interest in AI or reported 
decline in computer science (CS) enrollment. Global data, from the OECD, is only available through 2023 
and does not include countries such as India, China, and much of Africa. At the K–12 level, there is little 
standardized data on AI-related course or program offerings. The metrics that are available are limited to CS 
education, which is not fully representative of AI education. Given these constraints, a complete assessment 
of the growing demand for AI education, and how current systems are meeting it, is not possible. 

Public discussion about AI in education continues to expand, engaging developers, ed tech vendors, 
education advocates, policymakers, and educators around the role of AI, with a particular focus on its risks 
and benefits.1 There is broad agreement on the importance of AI literacy for all students and its designation 
as a critical skill for academic, professional, and civic navigation and success. Public discourse often fails to 
distinguish between AI in education, AI literacy, and AI education (Figure 7.1.1). AI in education is the use of 
AI to complete teaching and learning tasks. AI literacy refers to the knowledge necessary for a foundational 
understanding of AI, how it works, how to use it, and the risks of usage. AI education builds on AI literacy 
with the addition of the technical skills required to build AI systems. Because these terms are often blurred in 
public discussions, clarity about which topic is being addressed matters for how educators, researchers, and 
policymakers communicate about AI.

This chapter focuses on AI education and AI in education. Where comprehensive data about AI education is 
not available, computer science (CS) education data is presented instead.

1  In A New Direction for Students in an AI World: Prosper, Prepare, Protect, a January 2026 report from the Center for Universal Education at the 
Brookings Institution, the authors provide an expansive catalogue of the risks and opportunities related to AI in education. In Annex A, they offer four 
definitions of “AI literacy” from frameworks published in the last five years.

     7  EDUCATION  |   AI  INDEX REPORT 2026

AI in Education AI in Literacy AI Education

The usage of AI 
tools in teaching and 

learning

AI literacy + the 
technical skills 

required to build AI

The foundational 
understanding of AI, how 

it works, how to use it, and 
the risks of usage

Figure  7.1.1

https://www.brookings.edu/wp-content/uploads/2026/01/A-New-Direction-for-Students-in-an-AI-World-FULL-REPORT.pdf
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7.2 Postsecondary CS and 
AI Education
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The generative AI usage among students has reshaped the conversation about the purpose and role of 
postsecondary education. At the same time, task automation in coding roles has appeared to slow the entry-
level job market for CS graduates. These shifts have translated to declines in CS enrollment in postsecondary 
institutions. Between 2024 and 2025, enrollment in CS as an undergraduate major in four-year universities 
declined 11%.2 Chapter 4 (Economy) documents a similar transition in the labor market, where employment 
among the youngest software developers has declined since 2024 even as overall AI hiring grows. So, 
students are responding to a shifting job market, but because degree completion lags enrollment by several 
years, the full effects will take time to appear in the data.  Even as CS enrollment declines, there is evidence 
that AI-related majors are becoming more popular. 

U.S. Degree Graduates
Previous versions of the AI Index focused primarily on CS 
degrees, since very few graduates are classified under an 
Artificial Intelligence major.3 This year, the AI Index added 
AI-relevant majors, as determined by the January 2025 White 
House AI Talent Report. The report divides AI-relevant majors 
into two categories: AI software, which includes majors 
such as Artificial Intelligence, Computer Programming/
Programmer, and Computational and Applied Mathematics; 
and AI hardware, which includes majors such as Electrical and 
Electronics Engineering, Condensed Matter and Materials 
Physics, and Industrial Engineering.4

AI software-related degrees have steadily increased in 
popularity over the past 10 years, especially at the bachelor’s 
and master’s levels (Figure 7.2.1). The largest increase has 
been at the master’s level, with an 82% increase in graduates 
between 2022 and 2024 and a 17% increase between 2023 
and 2024. The number of AI hardware–related degrees has 
remained flat or declined; bachelor’s degrees, in particular, 
have declined 13% since reaching a peak in 2020.

2  The declines are based on CS specifically as a major, not the broader category of Computer and Information Sciences and Support Services.

3  The Classification of Instructional Programs (CIP), developed by the National Center for Education Statistics (NCES), designates “Artificial Intel-
ligence and Robotics” under CIP code 11.0102. Despite the availability of this code since 2016, very few schools use it, instead choosing to classify 
students under 11.0101 (Computer and Information Sciences, General).

4  See the methodology section for a complete list of majors.

https://www.pewresearch.org/internet/2026/02/24/how-teens-use-and-view-ai/
https://www.nytimes.com/2025/08/10/technology/coding-ai-jobs-students.html
https://www.nytimes.com/2025/08/10/technology/coding-ai-jobs-students.html
https://www.theatlantic.com/economy/archive/2025/06/computer-science-bubble-ai/683242/
https://nscresearchcenter.org/final-fall-enrollment-trends/
https://www.nytimes.com/2025/12/01/technology/college-computer-science-ai-boom.html
https://bidenwhitehouse.archives.gov/cea/written-materials/2025/01/14/ai-talent-report/
https://bidenwhitehouse.archives.gov/cea/written-materials/2025/01/14/ai-talent-report/
https://nces.ed.gov/ipeds/cipcode/cipdetail.aspx?y=55&cipid=87243
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Source: National Center for Education Statistics, Integrated Postsecondary Education Data System, 2024 | Chart: 2026 AI Index report
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Figure 7.2.1

Figure 7.2.2

Women remain underrepresented across AI-related degrees, though they have slightly higher levels of 
representation in AI software–related degrees than in AI hardware-related degrees, peaking at 36% of AI 
software–related master’s degree graduates (Figure 7.2.2). By comparison, women continue to account 
for nearly 60% of all degrees.

https://nces.ed.gov/ipeds/SummaryTables/report/300?templateId=3000&year=2024&tt=aggregate&instType=1&sid=79820f03-2ff4-4274-92d2-cfdcfeaf53ba
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For AI software–related degrees, Hispanic/Latino, Black, Native Hawaiian/Pacific Islander, and Native 
American/Alaskan students are underrepresented at all levels (Figure 7.2.3). White students are also 
underrepresented, though to a lesser degree, except at the PhD level. Multiracial and Asian students are 
overrepresented, with Asian master’s students the most overrepresented.

Representation patterns tend to be consistent across degree levels within each racial group (Figure 7.2.4). 
The main exceptions are Asian students and Native American/Alaskan students, whose representation varies 
by degree level. Hispanic/Latino students are slightly underrepresented at all levels, and Native Hawaiian/
Pacific Islander and Black students remain underrepresented at all levels.
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Ratio AI software–related graduates vs. all graduate demographics

AI software–related vs. all postsecondary graduates in the United States by race/ethnicity, 2024
Source: National Center for Education Statistics, Integrated Postsecondary Education Data System, 2024 | Chart: 2026 AI Index report
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Figure 7.2.3

Figure 7.2.4
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The majority of AI-related graduate students are non–United States residents, a pattern consistent 
with previous years’ analyses of CS degrees (Figure 7.2.5). This is especially true in AI software–related 
master’s degrees, where 67% of graduates are nonresidents. However, due to the federal government 
revoking student visas and discouraging international student enrollment, further declines in the number of 
nonresident graduates are expected in the coming years.
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Figure 7.2.5

 A range of institutions produce the highest number of graduates in AI-related fields5, including both public 
and private universities (Figure 7.2.6). The Georgia Institute of Technology is the only school in the top 10 
across all levels for both AI software and hardware–related degrees. Other universities that appear at least 
once on both lists include University of California, Berkeley (4 mentions); University of Illinois, Urbana-
Champaign (4); University of Michigan, Ann Arbor (4); Pennsylvania State University (3); Northeastern 
University (2); Carnegie Mellon University (2); Massachusetts Institute of Technology (2); and Stanford 
University (2).As more institutions add AI-specific majors at the undergraduate level, these rankings are likely 
to shift in coming years.

5  Some institutions classify AI-related graduates under broader program categories rather than AI-specific ones, which may result in undercounting 
at schools where AI coursework is housed within general computer science or engineering programs.

https://www.insidehighered.com/news/students/graduate-students-and-postdocs/2025/11/06/international-graduate-student-enrollment?utm_source=Inside+Higher+Ed&utm_campaign=1d9936e4a9-DiversityMatters_COPY_02&utm_medium=email&utm_term=0_1fcbc04421-1d9936e4a9-712305605&mc_cid=1d9936e4a9
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AI PhD graduates continue to choose industry 
jobs and lucrative salaries more often than 
academic jobs, with 65% going into industry 
after graduation (Figure 7.2.7). This percentage 
has declined in the last few years, down from 
a peak of 77% in 2022. At the same time, 
the share of academic jobs has increased, 
nearly doubling since 2022 (Figure 7.2.8). This 
challenges the narrative that academia is 
experiencing an exodus of experts or a “brain 
drain.” The percentage of AI PhD graduates 
entering government jobs has gradually 
increased to 2% from a low of 0.7% in 2021.

https://www.nytimes.com/2025/07/31/technology/ai-researchers-nba-stars.html
https://fortune.com/2025/06/25/ai-companies-court-ai-phds-with-huge-pay-packages-raising-fears-of-an-academic-brain-drain/
https://fortune.com/2025/06/25/ai-companies-court-ai-phds-with-huge-pay-packages-raising-fears-of-an-academic-brain-drain/
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Figure 7.2.7 Figure 7.2.86

Global ICT Graduates
No single dataset provides a fully standardized accounting of AI or CS postsecondary education across 
all countries. The Organization for Economic Cooperation and Development (OECD) has compiled data 
covering its member countries and several non-OECD nations.7 The International Standard Classification 
of Education provides the framework the OECD uses to compare education statistics across countries. 
Information and communication technologies, or ICT, includes such areas of study as “informatics, 
information, and communication technologies, or CS. These subjects cover a wide range of topics related to 
the new technologies used for the processing and transmission of digital information, including computers, 
computerized networks (including the Internet), microelectronics, multimedia, software, and programming.” 

The United States remains a global leader in ICT-related fields, producing more graduates at the associate’s, 
bachelor’s, master’s, and PhD levels than any other country in the sample (Figures 7.2.9 to 7.2.12). At most 
levels, other countries had faster year-over-year growth than the United States. At the associate’s level 
(denoted in international charts as short-cycle tertiary), Turkey increased its graduates by 27%; at the 
bachelor’s level, both Brazil and Turkey increased their graduates by 30%; and at the PhD level, Mexico 
increased its graduates by 76%. The exception is at the master’s level, where the United States increased 
its graduates by 55% (though, as noted earlier, many master’s graduates in the United States are not U.S. 
residents).

6  The sums in Figure 7.2.8 do not add up to 100%, as there is a subset of new AI PhDs each year who become self-employed, unemployed, or report 
an “other” employment status in the CRA survey. These students are not included in the chart.

7  While this dataset provides insights across some country lines, it omits a number of countries likely to have large numbers of ICT graduates. The 
exclusion of India, China, and countries in Africa highlights the need for global standardized data collection to ensure the inclusion of countries that 
have made significant investments in computing education and make up a significant proportion of the global population. There is also a notable lag in 
collecting and reporting global data on education; as a result, the most recent year for which data is available is 2023. Data for each country includes 
any students who have graduated from an institution in that country, regardless of their nationality.
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Figure 7.2.11

Figure 7.2.12

Gender parity among ICT graduates remains uneven across countries and degree levels (Figure 7.2.13). On 
average, women account for 20% of associate’s graduates, 22% of bachelor’s graduates, 29% of master’s 
graduates, and 29% of PhD graduates. While the share of associate’s graduates declined year over year, the 
share of PhD graduates increased 4 percentage points. Women comprised at least half of ICT graduates in 
Peru at the associate’s level, and in Costa Rica and Latvia at the PhD level. Turkey, which had reported gender 
parity at all levels in the prior year, saw its shares move closer to the global averages in 2023. The gender 
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composition of these graduates has been consistent year over year, similar to the pattern among AI authors 
and inventors documented in Chapter 1, where the gender ratio has shown little change over the past 15 
years.

Figure 7.2.13
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CS, CE, and Information Faculty
In 2024–25, there were over 6,600 CS, CE 
(computer engineering), and information faculty in 
the United States and Canada (Figure 7.2.14). Nearly 
two-thirds of them filled tenure-track positions. 
The Computing Research Association (CRA)  
projections suggest the number of faculty will 
increase over the next two academic years, with 
the most growth in postdoctoral positions.8 

Hispanic/Latino, Black, and Indigenous people 
are underrepresented in faculty positions, as 
are all women except Asian women (Figure 
7.2.15).9 Asian and Native Hawaiian/Pacific 
Islander men are overrepresented among 
faculty.

8  Due to changes in CRA’s methodology, these figures are not directly comparable to faculty counts published in previous editions of the AI Index.

9  National faculty demographics are from the United States (NCES), whereas the faculty data also includes Canada. Postdoctorates were not 
included in the comparison data because they were absent from the national faculty demographics.

     7.2 POSTSECONDARY CS AND AI  EDUCATION  |   EDUCATION  |   AI  INDEX REPORT 2026

 4,220  4,523  4,721

 1,152
 1,216

 1,299
 691

 691
 772 402

 436
 469

2024–25 2025–26 2026–27
0

1,000

2,000

3,000

4,000

5,000

6,000

7,000

8,000

Tenure-track faculty Teaching professors

Other instructors Non-tenure-track researcher faculty

Postdoctorates

N
um

be
r 

of
 C

S,
 C

E,
 a

nd
 in

fo
rm

at
io

n 
fa

cu
lt

y

Number of CS, CE, and information faculty in the

Source: CRA Taulbee Survey, 2025 | Chart: 2026 AI Index report

United States and Canada, 2024–26

6,683
7,101

7,501

Figure 7.2.14

Figure 7.2.15

0.00 0.50 1.00 1.50 2.00 2.50 3.00

Indigenous or Alaskan Native

Black or African American

Hispanic, any race

More than one race

White

Nonresident

Native Hawaiian or Paci�c Islander

Asian

Male

Female

Ratio of CS, CE, and information faculty vs. all faculty demographics

CS, CE, and information faculty vs. national faculty demographics by race/ethnicity and gender, 2024
Source: CRA Taulbee Survey, 2025 | Chart: 2026 AI Index report



303

     7.2 POSTSECONDARY CS AND AI  EDUCATION  |   EDUCATION  |   AI  INDEX REPORT 2026

While this chapter’s focus is AI education, how students are learning is also changing. Examining AI in 
education, or the use of AI to complete teaching and learning tasks, helps provide a more complete picture 
of the impact of AI on the field of education. In Chegg’s 2025 survey of university students from 15 countries, 
80% said they have used generative AI to support their learning. That is double the share reported in 2023, 
when only 40% of students reported having used generative AI for school. Generative AI usage varies widely 
by country, with 95% of Indonesian students saying they have used it, compared to 67% in the United States 
and the United Kingdom (Figure 7.2.16). Students who use generative AI for school report doing so frequently: 
56% input a question at least once a day. For those students who do not use AI tools for school, the top 
reasons include accusations of academic misconduct (45%), content accuracy (38%), and school policies 
restricting AI use (33%).

University students report using AI in similar ways to high school students, including researching, 
brainstorming/generating ideas, and editing essays. One notable difference is that university students are 
more likely than high school students to use AI to understand a concept (56% vs. 41%); in fact, understanding 
a subject is the top use of generative AI tools among university students (Figure 7.2.17).

Student Use of AI Tools

Figure 7.2.16
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https://8dfb1bf9-2f43-45af-abce-2877b9157e2c.usrfiles.com/ugd/8dfb1b_2d132a015d2a405893643b746d1bdf56.pdf
https://8dfb1bf9-2f43-45af-abce-2877b9157e2c.usrfiles.com/ugd/8dfb1b_e9bad0aef091478397e6a9ff96651f6d.pdf
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Figure 7.2.17
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Anthropic analyzed how students use Claude, its generative AI tool, and found that most students use it for 
higher-order thinking skills10, such as creating (39.8%) and analyzing (30.2%), rather than lower-order thinking 
skills, like applying (10.9%) and understanding (10.0%). These uses may suggest that students are relying on 
generative AI tools for important cognitive skills rather than developing them independently; indeed, another 
survey found that 55% of U.S. college students believe using generative AI tools has had a mixed effect on 
their critical thinking skills.

Nonetheless, university students speak positively about using AI tools in education. A survey of over 73,000 
California State University students showed that 64% of them agree that AI has positively affected their 
learning experience. The students in the Chegg survey listed several benefits from using AI tools. Half of 
respondents reported increased understanding of topics, 49% report improved ability to finish assignments, 
and 41% report improved organization. They also reported that AI makes their learning process more 
efficient, with 55% of university students saying AI helps them learn faster, and 41% saying it frees up more of 
their time.

University students are still concerned about accusations of cheating and appropriate uses of AI; in response, 
more universities have implemented AI use policies. A faculty survey noted that 48% of institutions now have 
policies governing acceptable uses of generative AI, an increase of 9 percentage points since 2025. In the 
U.K., 80% of students think their university has a clear policy on generative AI use in assessments, which is a 
16 percentage point improvement from the previous year.

10  These categories refer to levels of cognitive complexity as defined by Bloom’s Taxonomy, a widely used framework in education that classifies 
skills from lower-order (remembering, understanding, applying) to higher-order (analyzing, evaluating, creating).

https://www.anthropic.com/news/anthropic-education-report-how-university-students-use-claude
https://www.insidehighered.com/news/students/academics/2025/08/29/survey-college-students-views-ai
https://www.insidehighered.com/news/students/academics/2025/08/29/survey-college-students-views-ai
https://calstatestudents.org/cssas-white-paper-on-csus-ai-initiative/
https://calstatestudents.org/cssas-white-paper-on-csus-ai-initiative/
https://dgmg81phhvh63.cloudfront.net/content/user-photos/Research/PDFs/AI_Challenge.pdf
https://www.hepi.ac.uk/wp-content/uploads/2025/02/HEPI-Kortext-Student-Generative-AI-Survey-2025.pdf
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Code.org’s annual State of CS Education Report, which tracks CS education access, participation, and state 
policy, was expanded in 2025 to include an analysis of states’ AI education policies as of December 1, 2025. 
With only four states emphasizing AI in their CS standards, adoption of AI education remains limited.

Between the 2017–18 and 2023–24 academic years, the percentage of U.S. high schools offering CS 
increased from 35% to 60%. The national average has held steady since 2023–24, with the same 60% of 
high schools offering foundational CS classes in 2024–25. There is, however, growth in many states and 
regression in a few (Figure 7.3.1). In states where offerings declined, budget cuts or reallocation toward other 
priorities, including literacy and student crisis support, may be contributing factors.

Data on AI-specific education at the K–12 level remains limited. This section tracks developments in CS 
education as a proxy, with attention to the emerging state and federal policies that are beginning to address 
AI directly.
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Foundational Computer Science

35%

45%
47%

51%
53%

58%
60% 60%

2017–18 2018–19 2019–20 2020–21 2021–22 2022–23 2023–24 2024–25
0%

10%

20%

30%

40%

50%

60%

%
 o

f s
ch

oo
ls

Public high schools teaching foundational CS, 2017–18 to 2024–25
Source: Code.org, 2025 | Chart: 2026 AI Index report

Figure 7.3.1

http://Code.org
https://advocacy.code.org/stateofaics/
https://www.erstrategies.org/tap/federal-education-funding-impact-on-states/
https://red.mnstate.edu/ijgll/vol4/iss1/5/
https://www.visaverge.com/news/policy-shift-allows-ice-at-schools-in-rare-cases-dhs-clarifies/
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Out of 22 states reporting data for both 2023–24 and 2024–25, five states (AR, DE, LA, MD, SC) maintained 
the percentage of schools offering CS classes; three of them were already at or nearing universal access 
(AR and MD reporting 100% and SC reporting 92%) (Figures 7.3.2 and 7.3.3). Nine states and the District of 
Columbia (DC) reported some growth in the percentage of high schools offering CS. Of those, six (GA, IA, 
MS, NC, UT, WA) reported minimal growth (1%–5%). Two states (CA, MT) plus DC reported modest growth 
(6%–10%). One state, TN, reported significant growth, increasing the percentage of high schools offering 
CS classes by 22% (from 61% to 83%). This increase may reflect a 2022 policy requiring all K–12 students 
to have access to CS; districts were required to implement the state’s K–12 CS standards and a one CS 
credit graduation requirement starting with incoming freshmen in the 2024–25 academic year. A few states 
reported small decreases in the percentage of schools offering CS, with only one (WY) reporting a 10% 
decrease (from 74% to 64%).
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As a result of disparities in education funding, CS education access varies by school size, geographic area, 
socioeconomic status, and student race/ethnicity (Figures 7.3.4 to 7.3.7). In 2025, 91% of large high schools, 
77% of medium-sized high schools, and only 44% of small high schools offered foundational CS courses. 
As public school closures continue in some areas, school size and resource distribution may shift as nearby 
schools absorb displaced students. Whether funding follows those students, and how consolidation affects 
CS access, will be important to monitor.

Title I11 schools (60%) are slightly less likely to offer CS than non–Title I schools (65%). Rural (57%) and urban 
(59%) high schools are less likely than suburban (71%) high schools to offer CS. The similar rates of rural and 
urban CS access may reflect shared constraints, including the digital divide and less access to CS teachers. 
Among Black, Hispanic/Latino, Native Hawaiian/Pacific Islander, and white high school students, the rates of 
access to foundational CS courses fall within a narrow range (80%–82%). Asian students (91%) are most likely 
to have access to CS courses. Native American students are least likely to have access to CS, though they 
had the largest year-over-year growth, from 66% in 2023–24 to 70% in 2024–25.

11  Title I schools serve students from low-income families and receive supplemental federal funding.
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Figure 7.3.6

https://edbuildna.org/content/23-billion
https://www.usnews.com/news/best-states/california/articles/2025-09-24/as-enrollment-falls-districts-mull-which-schools-to-close-the-decisions-have-big-impacts-for-kids
https://files.eric.ed.gov/fulltext/ED609010.pdf
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Figure 7.3.7

Based on participation data from 42 states, 6.1% of students were enrolled in CS in 2024–25, but 
student participation in CS varies by state (Figure 7.3.8). Arkansas and South Carolina report the highest 
participation rates, around 25%, while Idaho and Minnesota report the lowest (1.8%). Sixty-two percent of 
the reporting states (26 of 42) experienced a decrease in CS participation, though nearly half (12) of them 
reported decreases of less than 0.5% (Figure 7.3.9). Thirteen states (31%) reported an increase in student 
participation. The states that saw the largest increases in CS participation were North Dakota (11.1% increase 
from 5% to 16.1%), Tennessee (7.2% increase from 6% to 13.2%), and Arkansas (5.1% increase from 20% to 
25.1%). Comparison with other states, including Ohio and California, is not possible as they did not report 
participation rates in 2023–24.

Several states with the highest percentage of high schools offering foundational CS courses also reported 
the highest participation rates, but the correlation was not evident in every state (Figure 7.3.10). Arkansas and 
South Carolina have the highest participation rates at 25.1% and 25.7%, respectively. This is not surprising 
given they have a CS requirement for graduation and near universal access rates (100% for Arkansas; 92% 
for South Carolina). Maryland also has universal access to CS, but fewer of their students (16.7%) take the 
available courses. Meanwhile, Rhode Island reports just 79% of their schools offer foundational CS courses, 
but a higher percentage of their students take those courses (18.4%). 
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Figure 7.3.10

Figure 7.3.11

CS enrollment data also shows gaps for several subgroups (Figure 7.3.11); here too, the data should be 
interpreted with caution, as not all states reported enrollment data this year. Last year’s analysis showed 
near or above proportional representation for Black, Native American/Alaskan, and white students 
at the national level. That trend continues this year, with Native Hawaiian/Pacific Islander students 
moving closer to that mark, and Asian students and students with 504 plans overrepresented among 
participating students (Figure 7.3.12). The representation of Hispanic/Latino students, economically 
disadvantaged students, students with IEPs, and girls slightly improved, but these populations remain 
underrepresented in CS courses. English language learners (ELL) remain underrepresented, but between 
2024 and 2025, their representation notably improved, which may be due to concerted engagement 
efforts and initiatives to boost the quality of CS instruction for ELL students.
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Figure 7.3.1212 

12  A student with a 504 plan receives accommodations under Section 504 of the Rehabilitation Act of 1973, a U.S. civil rights law that prohibits dis-
crimination against individuals with disabilities. A student with an IEP (individualized education program) receives special education services under the 
Individuals with Disabilities Education Act. An IEP is a legally binding document that outlines a learning plan for a student with a disability designed to 
meet their unique needs and improve educational outcomes.

Advanced coursework covers foundational AI concepts (e.g., AP CS Principles) and is an obvious pathway 
to build AI literacy and integrate more in-depth AI education. Since 2016, AP exam participation has 
grown steadily year over year, except for the plateau during the COVID pandemic between 2020 and 2021 
(Figure 7.3.13). However, AP exam growth slowed from 21% between 2022 and 2023 to just 5% between 
2023 and 2024. Despite improvement in student populations’ representation across courses, students 
do not participate in AP exams proportionate to their racial/ethnic representation (Figure 7.3.16). Black, 
Native American/Alaskan, and Native Hawaiian/Pacific Islander students are better represented among 
CS education participants than students who took the AP exam in 2024; Hispanic/Latino students were 
better represented among AP exam takers than among the general population of students taking CS. 
Female students took the AP exam less often than male students in 2024; stereotype threat may explain the 
reluctance to take the exam and differences in scores. Asian students, multiracial boys, and white boys are 
overrepresented among those taking AP exams (Figures 7.3.14 and 7.3.15).

Advanced Computer Science

https://apcentral.collegeboard.org/courses/ap-computer-science-principles
https://dl.acm.org/doi/10.1145/2325296.2325361
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Figure 7.3.14
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K-12 Student Use of AI Tools 

Using AI tools for educational purposes is increasingly popular among middle and high school students. 
Estimates on student use of AI to complete school-related tasks range from about 50% to 84%, based on 
survey data.13 While students acknowledge concerns (e.g., false cheating accusations, diminished critical 
thinking, and weakened academic skills), studies suggest that usage is trending upward, with a majority of 
students now advocating for AI use in schools. One survey found that about half of students surveyed agreed 
that schools should be required to teach students how to use AI (52%) and that students should be allowed 
to use AI to complete homework (47%); another survey reported even higher rates of agreement, with 65% of 
middle school students and 73% of high school students stating that students should have access to and be 
able to use AI tools to complete schoolwork. High school students report using generative AI most often for 
conducting research and finding sources, editing or revising essays, and brainstorming ideas (Figure 7.3.17), 
and they report benefiting from increased access to learning materials and more efficient learning.

Figure 7.3.1714 

13  CDT (2025), 50%; College Board (2025), 84%; RAND (2025), 54%.

14  This chart shows the average percentage across College Board’s four survey administrations in 2025.
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Only about half of middle and high schools have policies regarding AI use. Of that, only 28% permit AI use 
in some circumstances, while 22% do not. Schools with AI policies, especially policies that allow for AI use 
in schoolwork, are more likely to be in wealthier and more urban communities. However, the utility of those 
policies, given their lack of clarity, is in question. Only 36% of students described their school’s policies as 
extremely clear, and 47% have wanted to use AI for schoolwork but were unsure if it was allowed. A teacher 
survey found even lower ratings for clear policies, with teachers saying that only 6% of their schools had 
clear, comprehensive policies.

Education Standards, Policies, and Guidance

https://www.rand.org/pubs/research_reports/RRA4180-1.html
https://www.rand.org/pubs/research_reports/RRA4180-1.html
https://www.rand.org/pubs/research_reports/RRA4180-1.html
https://cdt.org/wp-content/uploads/2025/10/CDT-2025-Hand-in-Hand-Polling-111225-accessible.pdf
https://www.gallup.com/analytics/658901/walton-family-foundation-gallup-voices-gen-american-youth.aspx
https://www.tomorrow.org/resource/2025-national-report/
https://www.tomorrow.org/resource/2025-national-report/
https://cdt.org/wp-content/uploads/2025/10/CDT-2025-Hand-in-Hand-Polling-111225-accessible.pdf
https://research.collegeboard.org/media/pdf/AI%20Research%20Brief%201_vf_0.pdf
https://www.rand.org/pubs/research_reports/RRA4180-1.html
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Most education policy in the United States is determined at the state level. As of January 2026, 30 states 
have issued guidance on AI in education. Regarding policy focused specifically on AI education, 17 states 
have issued guidance that clarifies CS as foundational to AI, and five states have allocated specific 
professional development funding for AI education, according to the 2025 State of AI + Computer Science 
Report.

Perhaps the most significant AI education guidance generally comes in the form of standards that define 
learning outcomes for K–12 students. As of January 2026, 45 states have adopted K–12 CS standards, while 
five states plus DC do not have such standards. The majority (29 states) include AI but only to a very limited 
extent, and it is typically restricted to the high school level, similar to the current CSTA K–12 Standards, 
Revised 2017, which act as the de facto national standards. Ten states’ standards make no specific mention 
of AI content. Six states have CS standards with significant AI-specific content, and another two states have 
published draft revised standards that also include significant AI-specific content (Figure 7.3.18).

States with significant AI standards were all adopted in the last few years or are currently under 
development. See Table 4.1 for a summary of the features and organization of the state standards with 
significant AI content.

State K–12 AI Guidance in the United States
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https://www.teachai.org/policy-tracker
https://advocacy.code.org/stateofcs/
https://advocacy.code.org/stateofcs/


316

     7.3 K-12 CS AND AI  EDUCATION  |   EDUCATION  |   AI  INDEX REPORT 2026

Year Earliest grade Approach Organization & labeling of 
AI content

2025 - 
DRAFT

2025 

2024 

2024 

2025 

2022 

2024 

2025 - 
DRAFT

1st grade

9–12 elective

2nd grade

1st grade

Kindergarten

Kindergarten

4th grade

Pre-K–5 (grade 
band)

Integrated across 
concepts

Elective course

Standalone 
concept

Integrated across 
concepts

Integrated across 
concepts

Standalone 
concept

Integrated across 
concepts

Integrated across 
concepts

An [AI] tag marks standards distributed widely across concepts, 
most commonly in Data Science > Data Collection and 
Representation; Impact of Computing > Emerging Technology; 
and Digital Proficiency > Digital Tools.

AI is the focus and label of one entire level 3 course in Data 
Analytics and Machine Learning pathway.

AI is one of six strands used to organize standards.

AI content is organized into two main strands: Technological 
Impact (grades 1–12) and Emerging Technology (grades 6–12).

AI content is organized into three subconcepts: Computing 
Devices and Systems > Artificial Intelligence; Algorithms and 
Computational Thinking > Creating Instructions for AI; and 
Impacts of Computing > Impacts of AI.

AI is one of six strands. The strand has five topics that align 
with the AI4K12 Five Big Ideas: Perception, Representation and 
Reasoning, Machine Learning, Natural Interactions, Societal 
Impacts.

AI content is organized into three strands: Computing Systems; 
Data and Analysis; and Impacts of Computing.

AI content is organized in two subconcepts: Computing and 
Society > Emerging Technologies; and Data and Analysis > 
Impacts of Data Science.

State

Alabama

Arkansas

Colorado

Florida

North Dakota

Ohio

Virginia

Wisconsin

Table 4.1. Features and organization of state standards with significant AI content

Revised CSTA K–12 Standards, slated for release in summer 2026, will delineate significant AI-related 
learning goals as part of a foundational CS education across grades K–12. To inform these standards, 
CSTA and AI4K12 convened a national group of educators, curricula developers, professional development 
providers, and researchers in 2025 to provide insights into identifying priority areas of AI knowledge 
and skills. Priorities include the human role in creating AI, reasoning, data and machine learning, ethical 
evaluation of AI systems, and societal impacts. In the new Pre-K–12 foundational standards, these AI 
priorities will be integrated across five concepts and most significantly organized into four subconcepts: 
Machine Learning, Impacts of Algorithms, Emerging Technologies, and Humans and Computing. 
Additionally, there will be two sets of high school specialty standards focused on advanced AI content. Given 
the high degree of current coherence, most states will likely adopt similar AI standards within the next five 
years.

An April 2025 Executive Order, Advancing Artificial Intelligence Education for American Youth, sought to 
define a national strategy for developing AI competency from K–12 through postsecondary education by 
promoting early student exposure to AI, integrating AI into instruction, and expanding professional learning 
for educators. It establishes a White House AI Education Task Force to coordinate federal efforts, launch a 
Presidential AI Challenge, and develop public-private partnerships that deliver K–12 AI resources at scale. 
The order also directs the Departments of Education, Labor, NSF, and Agriculture to prioritize AI in grants, 
research, teacher preparation, apprenticeships, and workforce pathways.

Federal K–12 AI Guidance in the United States

https://drive.google.com/file/d/1Kgg2t3mwP3fs7n9WWyPPzMg9futw3FZu/view
https://drive.google.com/file/d/1r9JhqkwT7FiJE9hLbb4ep9BSrXH8btk-/view
https://www.cde.state.co.us/computerscience/cas-cs-standards-k12-2024
https://www.fldoe.org/core/fileparse.php/20758/urlt/7-3.pdf
https://www.nd.gov/dpi/sites/www/files/documents/Academic%20Support/Computer%20Science%20and%20Cybersecurity%20Standards%20MAY2025.pdf
https://education.ohio.gov/getattachment/Topics/Learning-in-Ohio/Computer-Science/Ohio-s-Learning-Standards-in-Computer-Science/OCS_Adopted-2022.pdf.aspx?lang=en-US
https://www.doe.virginia.gov/home/showpublisheddocument/57144/638609727259600000
https://dpi.wi.gov/sites/default/files/imce/computer-science/CS_Standards_DRAFT_SEPT_2025_v1.pdf
https://csteachers.org/k12standards/revision
https://csteachers.org/ai-priorities
https://www.whitehouse.gov/presidential-actions/2025/04/advancing-artificial-intelligence-education-for-american-youth/
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H I G H L I G H T:

The Implementation Gap in K–12 AI Policy

A research project from Expanding Computing Education Pathways (ECEP) assessed statewide AI policies 
across K–12 schools and found that state-level AI guidance is largely nonbinding and decentralized. Most 
states rely on existing federal laws like the Children’s Online Privacy Protection Act (COPPA) and Family 
Educational Rights and Privacy Act (FERPA), rather than issuing AI-specific mandates. The responsibility 
for local policy development, tool vetting, and implementation falls on local education agencies, meaning 
the rigor of AI education and pace of adoption are determined by local capacity (e.g., number of trained 
teachers, funding) and decision-making.
Teacher preparation was also an identified gap. State-level documents recognize the importance of AI-
related teacher training, but there are currently no state-level standards for programs or funding. Without 
steady financial backing or standardized training benchmarks, the quality of AI integration remains 
contingent on local resources.
At the same time, AP Computer Science, one of the most common pathways to advanced CS coursework 
in U.S. high schools, does not include AI-specific content. Policy guidance, teacher training, and curriculum 
would all need to align for AI education to reach students consistently, and at present, gaps remain in all 
three.
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Despite the widespread mention of AI education in national education strategy plans over the past few 
years, few countries actually implemented AI education in 2025; it was more common for countries to 
integrate AI technology into education. For example, South Korea launched AI textbooks in primary schools 
in March 2025, only to reverse course a few months later due to parent and teacher pushback. In Greece, 
the government partnered with OpenAI to train secondary teachers to use ChatGPT in the classroom. And 
in Estonia, the AI Leap 2025 program is piloting access to AI learning applications with 20,000 students and 
3,000 teachers during the 2025–26 school year.

Two countries, however, made significant strides in implementing AI education: China and the United Arab 
Emirates (UAE). In China, Beijing, Guangdong, and Hangzhou all began requiring AI education in the 2025–26 
school year following the release of China’s General AI Education Guide for Primary and Secondary Schools 
(2025 Edition) and Guide for the Use of Generative AI by Primary and Secondary Students (2025 Edition) in 
May 2025. All three areas have similar requirements, including a minimum number of instructional hours and 
curriculum that progresses through grade levels, starting with elementary students learning AI literacy skills 
and ending with high school students designing AI systems. The UAE similarly mandated AI education for all 
grade levels starting in the 2025–26 school year. Students will also progress through a grade-level curriculum 
that includes skills in foundational concepts, data and algorithms, software use, innovation and project 
design, and ethical awareness.

In lieu of widespread data on AI education, we again present data on CS education, especially since some 
AI content may be taught in CS classes. Similar to the challenges inherent in tracking CS education in the 
United States, caution is called for when interpreting global metrics because CS and ICT education are 
sometimes conflated with digital or computer literacy.

In 2025, approximately 93% of the world’s countries taught CS (Figure 7.3.19). Thirty percent of countries 
mandate CS education in either primary or secondary school, while 63% have CS available in at least some 
schools but do not mandate it. Nearly three-fourths of countries integrate CS concepts into other courses, 
such as math and science. Access to standalone CS classes often varies by school type and geography, with 
private and urban schools more likely to offer CS than public and rural schools. This indicates that resources 
and infrastructure continue to be challenges for schools seeking to expand students’ digital skills.

Global AI and CS Education

CS mandatory in primary and/or secondary school

CS available everywhere as an elective course

CS courses available in some schools or districts

Government announced CS expansion, plan or pilot

No online evidence of in-school CS

Availability of CS education by country, 2025
Source: AI Index, 2025; Raspberry Pi Computing Education Research Centre, 2024 | Chart: 2026 AI Index report

Figure 7.3.19

https://world-education-blog.org/2025/01/03/ai-textbooks-to-arrive-in-korea-the-good-the-bad-and-the-ugly/
https://www.businessinsider.com/ai-in-school-south-korea-textbook-rollback-jobs-education-2025-8
https://www.theguardian.com/world/2025/nov/22/greek-secondary-school-teachers-to-be-trained-in-using-ai-in-classroom
https://e-estonia.com/ai-leap-2025-estonia-sets-ai-standard-in-education/
https://www.edu.cn/xxh/focus/zc/202505/t20250513_2667990.shtml
https://www.edu.cn/xxh/focus/zc/202505/t20250513_2667990.shtml
https://cset.georgetown.edu/publication/china-school-gen-ai-use-guide-2025/
https://gulfnews.com/amp/story/uae%2Fgovernment%2Fsheikh-mohammed-announces-ai-as-mandatory-subject-in-uae-schools-1.500115349
https://www.scribd.com/document/929869042/UAE-AI-Curriculum-Detailed-Grade-Level-Breakdown
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Formal education is one entry point into AI, but as the technology reshapes jobs across sectors, upskilling 
and reskilling have become central to lifelong learning. Many people are building AI skills through 
professional certificates, online courses, and on-the-job experience, pathways that can also broaden access 
for learners without deep CS or math backgrounds. This section examines where AI skills are concentrated 
globally and how quickly they are spreading.

LinkedIn’s relative AI skill penetration rate measures how prominently AI skills feature in people’s profiles in 
a given country compared with a global average (Figure 7.4.1). India leads at 3.0, meaning AI skills appear in 
member profiles at almost three times the global average, followed by the United States at 2.0 and Germany 
at 1.8. However, these countries also show a persistent gender gap when measuring male and female AI skill 
penetration rates against the global average (Figure 7.4.2). In India, men list AI skills at more than 1.5 times the 
rate of women (3.1 vs. 1.9); in the United States, the gap is similar, though a bit more narrow (2.1 vs. 1.4).

AI Skill Penetration

Figure 7.4.1
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Figure 7.4.2
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The AI Skills Diffusion Index that LinkedIn introduced this year tracks how much AI skills adoption has 
grown within a country relative to its own baseline, rather than current relative prevalence (Figure 7.4.3). 
This measure also accounts for the diversity of AI skills, distinguishing between AI engineering skills, which 
relate to building and deploying AI systems, and AI literacy skills, which reflect a familiarity with AI-enabled 
tools. Across many of the countries in the sample, both AI literacy and engineering show recent increases, 
but the pace differs. AI literacy skills show steeper growth, while engineering-oriented skills have increased 
more modestly. This is the case for India and the United States. However, countries such as the United 
Arab Emirates, Chile, and South Africa show rapid growth in AI engineering skills. In the United States, the 
fastest growing literacy skills were AI prompting and Microsoft Copilot Studio, while the fastest growing 
engineering skills were AI agents, AI productivity, and AI strategy (Figure 7.4.4).

AI Skills Diffusion
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AI Engineering

Argentina Australia Austria Belgium

Brazil Canada Chile Costa Rica

Croatia Cyprus Czech Republic Denmark

Estonia Finland France Germany

Greece Hong Kong Iceland India*

Indonesia Ireland Israel Italy

Latvia Lithuania Luxembourg Mexico

Netherlands New Zealand Norway Poland

Portugal Romania Saudi Arabia Singapore

Slovenia South Africa South Korea Spain

Sweden Switzerland Turkey United Arab Emirates

United Kingdom United States* Uruguay
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Figure 7.4.315 
15  Asterisks indicate that a country’s y-axis label is scaled differently than other countries’.
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Fastest growing AI skills in the United States, 2025 
Source: LinkedIn, 2025

AI engineering skills AI literacy skillsRank

1 AI agents AI prompting

2 AI productivity Microsoft Copilot Studio

3 AI strategy GitHub Copilot

4 Amazon Bedrock Prompt engineering

5
Large language model operations 

(LLMOps) Microsoft Copilot

Figure 7.4.4


